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Fig.1 The world’s first commercialized CAD system (from the
former homepage of the R2 technologies (now Hologic))
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Fig.2 Diagnosis style of a single doctor with CAD system as a
second reader
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Fig.3 Similar image CAD. Examples of very similar, not very similar, and very dissimilar breast
mass pairs. Psychophysical similarity measures determined by the computer are correlated
well with the subjective similarity ratings by radiologists (Data provided by Dr. C.Muramatsu).
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DPR scans CAD systems

ﬁ carotid artery calcificati

(CAC) is one of the indices for
predicting the progress of \0}9
One CAC example

arteriosclerosis

@-*

lllustration of CAC detection

CAD system for detecting CAC/

/,L_h

DHEFIZ S RWITET.D 2 L 135D AT .

YR - WA I N—Y 3 vy Ay —Ta s T LHl
) THIEBEEET Y 7 [£ 20 )L IT 235 H
LB EEFEEG ORI 7u Y s MRIOF T, B
RHEIRE 2 CAD BIZSICENE 4T, FR 21 E£Er S
ZAERICOEMILE B8 L 202225 T b T 5(13, 14]
(Fig.4). T X912, CAD DILHMHIEIE, MHEIFEICKE %

® Measuring mandibular cortical thickness (MCT)
could be used for diagnosis as a screening tool
for osteoporosis

lllustration of MCT measurement
(Yellow color shows MCT)
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® The radiopacity of maxillary
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Fig.4 Example of a CAD system for dental panoramic radiography (DPR).
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Fig.5 Overall structure of Computational Anatomy Project (Data provided by Prof. H.Kobatake).

Table 1

Expansion of CAD definitions in quantitative imaging

N =

3. Computerized risk assessment

CADe : Lacalization, detection task, second reader
. CADx : Characterization/classification task

e.g. Breast density, Risk of future fracture
4. Image-based prognostic marker assessing extent of diseases

b

Image-based predictive marker response of therapy

6. Computerized self-assessment of image quality influences CAD output
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