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Abstract Currently, it is required for automatic segmentation of organs from CT. The automatic segmentation of organs may
require prior information, which may be used as valid information for similar images. In this paper, we propose the method to
accelerate the registration and image retrieval using phase-only correlation. The target organs are liver, spleen, left kidney and
right kidney. In addition, we applied automatic segmentation by using image retrieval search result, and the degree of match
(JSC) was evaluated. Average degrees of matching for liver were 81.8%, 78.0% for spleen, 75.4% for left kidney, and 77.3%
for right kidney, respectively.
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