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Present status and prospects of CAD studies
on breast ultrasound imaging
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Daisuke FUKUOKA', Hiroshi FUJITA?

Advances in ultrasound imaging technology have led to remarkable improvements in image

quality, thus greatly enhancing the use of this modality. High-resolution ultrasound now allows

excellent, real-time depiction of anatomic details in the breast. Specific image processing tech-

niques, such as elastography, are also being developed as medical ultrasound devices are im-

proved. Moreover, a computer-aided diagnosis (CAD) system is being developed as a state-of-

the-art image processing tool that can be used for obtaining a second opinion by a physician. CAD

detects the possible locations of disease on an image and/or performs classification based on

malignancy. CAD systems are now available commercially for several fields of diagnostic imag-

ing, such as mammography, and as a consequence CAD for breast ultrasound imaging has gained

a lot of interest. This article reviews image processing techniques and CAD studies of breast

ultrasound imaging, and discusses remaining issues that need to be resolved, together with future

prospects.
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