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Abstract Automatic segmentation of organs from CT images is one of very important issues in developing. GraphCut is
useful for the automatic segmentation of organs.This method was detected organ position by the pattern matching ensemble
learning, and extracted organ region by method based on the algorithm of GrabCut probabilistic atlas organs. In this paper, we
detected 27 cases heart, 116 cases liver, 114 cases the spleen, 120 cases right kidney, 122 cases left kidney, confirmed the
effectiveness of the proposed method obtained the matching degree of agreement about 0.8.
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